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	 Background:	Digital	 transformation	 has	 accelerated	 the	 adoption	 of	
Artificial	 Intelligence	(AI)	 in	the	hospitality	 industry;	however,	research	
integrating	 AI	 with	 Psychological	 Contract	 (PC)	 and	 Innovative	 Work	
Behavior	(IWB)	to	explain	Employee	Performance	(EP)	remains	limited,	
particularly	in	Indonesia.	
Objective:	This	study	examines	the	relationships	among	AI,	PC,	IWB,	and	
EP	and	assesses	the	mediating	role	of	IWB	among	employees	of	four-star	
hotels	in	Yogyakarta.	
Methods:	A	quantitative	cross-sectional	survey	was	conducted	involving	
90	 respondents	 selected	 through	 purposive	 sampling.	 The	 data	 were	
analyzed	using	Structural	Equation	Modeling–Partial	Least	Squares	(SEM-
PLS).	
Results:	All	 seven	 hypotheses	 were	 supported.	 AI	 was	 positively	
associated	with	EP	(β	=	0.345;	p	<	0.001)	and	IWB	(β	=	0.397;	p	<	0.001),	
while	 PC	was	 positively	 associated	with	 EP	 (β	 =	 0.416;	 p	 <	 0.001)	 and	
exhibited	the	strongest	association	with	IWB	(β	=	0.526;	p	<	0.001).	IWB	
was	 positively	 associated	with	 EP	 (β	 =	 0.352;	 p	 <	 0.001)	 and	 partially	
mediated	both	the	AI–EP	(β	=	0.140;	p	<	0.001)	and	PC–EP	(β	=	0.185;	p	<	
0.001)	relationships.	The	model	explained	68.2%	of	the	variance	in	EP	and	
44.7%	of	the	variance	in	IWB.	
Conclusion:	The	 findings	 extend	 hospitality	 research	 by	 integrating	
technological	 and	psychological	perspectives	within	a	 single	model	 and	
indicate	that	AI	utilization	and	PC	fulfillment	are	associated	with	employee	
performance	both	directly	and	through	innovative	work	behavior.	
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INTRODUCTION	

The	 global	 hospitality	 industry	 has	 undergone	 significant	 transformation	 driven	 by	
advances	in	digital	technology.	Employee	performance	constitutes	a	pivotal	factor	in	determining	
organizational	achievement,	especially	within	service-driven	sectors	where	client	satisfaction	is	
intrinsically	 connected	 to	 workforce	 competencies	 (Hasibuan	 et	 al.,	 2026;	 Plaskoff,	 2017).	 In	
recent	 years,	 Artificial	 Intelligence	 (AI)	 has	 emerged	 as	 a	 groundbreaking	 technology	 that	
empowers	 organizations	 to	 enhance	 operational	 productivity,	 streamline	 repetitive	 processes,	
and	 improve	 service	 delivery	 (Anantrasirichai	 &	 Bull,	 2022).	 Concurrently,	 the	 psychological	
relationship	between	employees	and	organizations,	conceptualized	as	the	Psychological	Contract	
(PC),	 has	 been	 recognized	 as	 an	 essential	 factor	 shaping	 employee	 attitudes	 and	 work	
performance	(Levinson	et	al.,	1962;	Li	&	Dai,	2015;	Manchia	et	al.,	2026).	

The	hospitality	 sector,	particularly	 the	hotel	 industry,	operates	 in	a	highly	 competitive	
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environment	where	service	excellence	is	paramount.	According	to	the	Ministry	of	Tourism	and	
Creative	Economy	(Indonesia,	2023)	hotels	represent	one	of	the	key	accommodation	businesses	
that	 contribute	 significantly	 to	 the	 national	 economy.	 In	 Indonesia,	 the	 hotel	 industry	 has	
experienced	 rapid	 growth,	 with	 four-star	 and	 five-star	 hotels	 increasingly	 adopting	 digital	
technologies	such	as	online	booking	systems,	virtual	assistants,	and	AI-driven	customer	analytics	
to	 maintain	 a	 competitive	 advantage.	 The	 trend	 toward	 experiential	 services	 in	 the	 creative	
economy,	 which	 emphasizes	 unique	 and	 personalized	 customer	 encounters,	 has	 further	
accelerated	 the	 need	 for	 technologically	 competent	 and	 psychologically	 engaged	 employees	
(Indonesia,	2023)	.	

Research	 on	 the	 role	 of	 AI	 in	 organizational	 performance	 has	 attracted	 substantial	
scholarly	 interest.	 Tong	 et	 al.	 (2021)	 and	 Pei	 et	 al.	 (2024)	 showed	 that	 AI	 functionalities	 can	
effectively	monitor	workforce	behavior,	evaluate	performance	levels,	and	provide	work-related	
recommendations	 that	 enhance	 job	 effectiveness.	 Wijayati	 et	 al.	 (2022)	 found	 that	 AI	
implementation	 positively	 influenced	 employee	 performance	 through	 increased	 work	
engagement,	while	Wamba-Taguimdje	et	al.	(2020)	and	Domini	et	al.	(2023)	demonstrated	that	
AI-driven	 digital	 transformation	 generates	 organizational	 value	 by	 enhancing	 operational	
productivity.	 Similarly,	 Mikalef	 and	 Gupta	 (2021)	 and	 Almheiri	 et	 al.	 (2025)	 argued	 that	 AI	
capability	 constitutes	 a	 strategic	 organizational	 resource	 that	 improves	 performance	 through	
data-driven	analytical	capabilities.	

Parallel	to	the	technological	dimension,	the	psychological	dynamics	between	employees	
and	organizations	play	a	vital	role	in	determining	work	outcomes.	Psychological	Contract	theory,	
originally	proposed	by	Argyris	(1960)		and	subsequently	elaborated	by	Levinson	et	al.	(1962)	and	
Dascombe	 et	 al.	 (2026),	 posits	 that	 employees	 hold	 implicit	 expectations	 regarding	 mutual	
obligations	 with	 their	 organizations.	 When	 these	 expectations	 are	 fulfilled,	 employees	
demonstrate	 higher	 levels	 of	 commitment,	 motivation,	 and	 performance	 (Maula	 et	 al.,	 2026;	
Sheikh	 Elsouk	 et	 al.,	 2021).	 In	 the	 hospitality	 context,	 where	 diverse	 generational	 cohorts	
(including	Generation	X,	Millennials,	and	Generation	Z)	coexist	in	the	workforce,	understanding	
and	 fulfilling	 psychological	 contracts	 becomes	 particularly	 challenging	 yet	 essential	 for	
maintaining	organizational	performance	(Lyons	et	al.,	2015;	Zhao	&	Ji,	2024).	

Innovative	 Work	 Behavior	 (IWB)	 has	 been	 recognized	 as	 a	 significant	 intermediary	
process	that	connects	organizational	inputs	to	performance	outcomes.	Thurlings	et	al.	(2015)	and	
Aryani	 et	 al.	 (2024)	 contended	 that	 innovation	 differs	 according	 to	 workforce	 behavior	 and	
represents	a	crucial	element	for	organizational	continuity.	Sulistiawan	and	Andyani	(2020)	and	
Wang	 (2025)	 demonstrated	 that	 employees’	 psychological	 perceptions	 enhance	 work	
engagement,	 which	 subsequently	 fosters	 innovative	 behavior	 and,	 in	 the	 long	 run,	 improves	
organizational	outcomes.	Furthermore,	Afsar	and	Badir	(2017)	and	Ekmekcioglu	and	Öner	(2024)	
observed	 that	 when	 employees	 perceive	 organizational	 support	 and	 the	 fulfillment	 of	
psychological	obligations,	they	exhibit	a	greater	propensity	to	engage	in	creative	problem-solving	
and	 service	 innovation.	 This	 is	 particularly	 significant	 in	 the	 hospitality	 sector,	where	 service	
differentiation	constitutes	a	primary	competitive	advantage.	

Notwithstanding	 the	 expanding	body	of	 scholarship	on	AI	 and	 employee	performance,	
most	 previous	 investigations	have	 concentrated	on	 the	direct	 association	between	 technology	
implementation	 and	 work	 outcomes	 without	 considering	 the	 psychological	 mechanisms	 that	
underlie	technology	acceptance	and	performance	improvement	(Wijayati	et	al.,	2022).	Moreover,	
research	integrating	both	technological	and	psychological	factors,	specifically	AI	and	PC,	within	a	
single	framework	remains	limited,	especially	within	the	hospitality	sector	of	emerging	economies	
such	as	Indonesia	(Hidayat	et	al.,	2023).	The	function	of	IWB	as	a	mediating	construct	connecting	
technological	 inputs	 and	 psychological	 contracts	 to	 employee	 performance	 has	 not	 been	
sufficiently	investigated	in	the	hotel	industry	context.	This	represents	a	notable	gap	in	the	current	
body	 of	 knowledge,	 given	 that	 the	 hospitality	 industry	 relies	 heavily	 on	 both	 technological	
innovation	and	human	relationship	management	to	achieve	service	excellence.	

The	novelty	of	this	study	lies	in	the	development	of	an	empirical	model	that	concurrently	
incorporates	 technological	 dimensions	 (AI)	 and	 psychological	 dimensions	 (PC)	 through	 the	
mediating	 function	 of	 IWB	 within	 the	 Indonesian	 hospitality	 sector.	 In	 contrast	 to	 earlier	
investigations	that	analyzed	these	constructs	separately,	this	research	provides	a	more	holistic	
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understanding	of	how	digital	transformation	and	employee	relationship	management	interact	to	
influence	employee	performance	in	four-star	hotels.	Specifically,	this	investigation	advances	the	
scholarly	 discourse	 by:	 (1)	 analyzing	 the	 concurrent	 influence	 of	 AI	 and	 PC	 on	 employee	
performance;	 (2)	 investigating	 IWB	 as	 a	 mediating	 mechanism;	 and	 (3)	 providing	 empirical	
evidence	from	the	Indonesian	hospitality	context,	which	has	been	underrepresented	in	existing	
research	(Hidayat	et	al.,	2023;	Wijayati	et	al.,	2022).	

The	 aims	 of	 this	 investigation	 are:	 (1)	 to	 analyze	 the	 association	 between	 Artificial	
Intelligence	 and	 Employee	 Performance;	 (2)	 to	 assess	 the	 relationship	 between	 Psychological	
Contract	and	Employee	Performance;	(3)	to	evaluate	the	relationship	between	Innovative	Work	
Behavior	 and	 Employee	 Performance;	 (4)	 to	 investigate	 the	 association	 between	 Artificial	
Intelligence	and	Innovative	Work	Behavior;	(5)	to	explore	the	relationship	between	Psychological	
Contract	and	Innovative	Work	Behavior;	(6)	to	determine	the	mediating	function	of	Innovative	
Work	Behavior	in	the	association	between	Artificial	Intelligence	and	Employee	Performance;	and	
(7)	to	ascertain	the	mediating	function	of	Innovative	Work	Behavior	in	the	relationship	between	
Psychological	Contract	and	Employee	Performance.	

This	study	was	limited	to	employees	of	four-star	hotels	in	the	Yogyakarta	area,	Indonesia.	
The	sample	was	drawn	exclusively	from	managerial-level	employees	who	had	at	least	one	year	of	
work	experience	and	were	within	the	productive	age	bracket	of	25	to	55	years.	Consequently,	the	
results	 may	 lack	 generalizability	 across	 different	 hotel	 classifications,	 geographic	 areas,	 or	
nonmanagerial	 hospitality	 staff.	 Additionally,	 the	 cross-sectional	 approach	 adopted	 in	 this	
investigation	collects	data	at	a	single	point	in	time,	thereby	constraining	the	ability	to	determine	
causal	relationships	among	the	constructs.	

	
METHOD	

This	investigation	utilized	a	quantitative	methodology	employing	a	cross-sectional	survey	
design.	 This	 research	 design	 was	 selected	 to	 analyze	 the	 associative	 relationships	 among	
constructs	at	a	specific	point	in	time,	making	it	suitable	for	evaluating	the	proposed	conceptual	
framework	using	SEM-PLS	(Hair	Jr.	et	al.,	2021;	J.	Hair	&	Sabol,	2025).	Data	were	collected	from	
late	2024	to	early	2025	from	managerial-level	employees	of	 four-star	hotels	 in	the	Yogyakarta	
area,	Indonesia.	The	population	consisted	of	all	managerial	employees	working	in	four-star	hotels	
in	Yogyakarta.	Primary	data	were	collected	using	a	structured	survey	instrument	administered	
directly	 to	 the	participants.	The	 survey	 instrument	 employed	a	 five-point	Likert	 scale	 ranging	
from	1	(Strongly	Disagree)	to	5	(Strongly	Agree).	The	Artificial	Intelligence	variable	was	measured	
using	seven	indicators	adapted	from	(Wijayati	et	al.,	2022),	the	Psychological	Contract	construct	
was	assessed	using	16	items	derived	from	Li	and	Dai	(2015),	Sheikh	Elsouk	et	al.	(2021)	and	Maula	
et	al.	(2026),	the	Innovative	Work	Behavior	variable	was	measured	using	eight	indicators	adapted	
from	Thurlings	et	al.	(2015)	and	Aryani	et	al.	(2024),	and	the	Employee	Performance	variable	was	
measured	using	seven	indicators	adapted	from	Guan	and	Frenkel	(2017)	and	Bagis	and	Yulianeu	
(2024).	

The	 participant	 selection	 approach	 employed	 non-probability	 sampling	 through	 a	
purposive	 sampling	 strategy,	 in	 which	 respondents	 were	 selected	 based	 on	 predetermined	
eligibility	criteria	(Oranga	et	al.,	2025;	Sekaran	&	Bougie,	2009).	The	inclusion	criteria	were:	(1)	
managerial-level	employees	working	 in	 four-star	hotels	 in	 the	Yogyakarta	area;	 (2)	employees	
with	a	service	duration	of	no	less	than	one	year	and	no	more	than	15	years;	and	(3)	employees	
between	25	and	55	years	of	age.	The	sample	size	was	determined	using	power	analysis,	taking	
into	 consideration	 the	 highest	 number	 of	 predictor	 variables	 directed	 toward	 an	 endogenous	
construct	within	the	structural	model	(Memon	et	al.,	2020;	Mismetti	et	al.,	2026).	Based	on	this	
calculation,	 the	minimum	required	 sample	 size	was	88	 respondents,	while	90	valid	 responses	
were	obtained	and	subsequently	included	in	the	SEM-PLS	analysis.	Participation	was	voluntary,	
and	respondents	were	informed	of	the	purpose	of	the	study,	the	confidentiality	and	anonymity	of	
their	responses,	and	their	right	to	withdraw	from	participation.	
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Figure	1.	Sample	calculation	

	
The	 analytical	 procedure	 comprised	 two	 phases:	 descriptive	 statistical	 analysis	 and	

inferential	analysis.	Descriptive	statistics,	including	the	mean,	standard	deviation,	minimum,	and	
maximum	values,	as	well	as	respondents’	demographic	characteristics,	were	analyzed	using	SPSS	
version	29.	Hypothesis	 testing	and	 the	analysis	of	direct	and	 indirect	 relationships	among	 the	
constructs	were	performed	using	Structural	Equation	Modeling–Partial	Least	Squares	(SEM-PLS)	
with	SmartPLS	software.	SEM-PLS	was	adopted	because	of	its	suitability	for	exploratory	research	
involving	relatively	small	sample	sizes	and	complex	models	comprising	multiple	latent	constructs	
and	measurement	 items	 (Hair	 Jr.	 et	 al.,	 2014;	 J.	Hair	&	 Sabol,	 2025).	 The	 SEM-PLS	 evaluation	
followed	a	two-stage	procedure:	(1)	assessment	of	the	measurement	model	(outer	model),	which	
included	convergent	validity	(outer	loadings	≥	0.70;	AVE	≥	0.50),	discriminant	validity	(HTMT	<	
0.90),	 and	 reliability	 testing	 (Cronbach’s	 alpha	 and	 composite	 reliability	 ≥	 0.70);	 and	 (2)	
assessment	of	 the	structural	model	 (inner	model),	which	encompassed	R²,	path	coefficients,	 t-
statistics,	p-values,	 effect	 size	 (f²),	predictive	 relevance	 (Q²),	 and	 the	Variance	 Inflation	Factor	
(VIF)	for	assessing	multicollinearity	(Changalima	&	Chuwa,	2026;	Hair	Jr.	et	al.,	2021).	

	
RESULTS	AND	DISCUSSION	

Results	
Data	Description	

	
Table	1		
Respondent	Characteristics	
Gender	 Quantity	 %	
Male	 73	 81%	
Women	 17	 19%	
Age	 	 	
25	–	29	Years	 23	 26%	
30	–	39	Years	 54	 60%	
40	–	55	Years	Old	 13	 14%	
Long	working	time	 	 	
1	–	5	Years	 36	 40%	
5	–	10	Years	 35	 39%	
11	–	15	Years	 19	 21%	
Quantity	 90	 100%	
Source:	Results	of	Primary	Data	Processing	with	SPSS	(2026)	

	
Table	1	shows	that	73	respondents	(81%)	were	male	and	17	respondents	(19%)	were	

female.	This	distribution	indicates	that	male	respondents	constituted	the	majority	of	the	research	
sample;	nonetheless,	 this	proportion	should	not	be	construed	as	reflecting	the	broader	gender	
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distribution	of	managerial	personnel	in	the	hospitality	sector,	as	the	data	were	confined	to	those	
respondents	who	participated	in	this	investigation.	

With	respect	to	age	distribution,	the	majority	of	participants	fell	within	the	30	to	39	age	
bracket	(60%),	succeeded	by	those	aged	25–29	years	(26%)	and	40–55	years	(14%).	In	terms	of	
tenure,	40%	of	respondents	had	worked	for	1–5	years,	39%	for	5–10	years,	and	21%	for	11–15	
years.	These	findings	indicate	that	the	sample	comprised	employees	with	varied	levels	of	work	
experience,	with	relatively	similar	proportions	in	the	1–5-year	and	5–10-year	tenure	groups.	

	
Measurement	Model	Analysis	(Outer	Model)	
Convergent	Validity	Test	

The	 convergent	 validity	 assessment	 is	 intended	 to	 ascertain	 the	 degree	 to	which	 each	
measurement	item	can	accurately	capture	its	underlying	construct.	An	indicator	is	declared	valid	
if	it	has	an	outer	loading	value	of	≥	0.70	(Changalima	&	Chuwa,	2026;	J.	F.	Hair	et	al.,	2021;	Ketchen,	
2013).	The	assessment	outcomes	are	displayed	in	the	table	2.	

	
Table	2	
Convergent	Validity	Test		

Artificial		
Intelligence	

Employee		
Performance	

Innovative	Work		
Behaviour	

Psychological		
Contract	

AI1	 0.860	
	 	 	

AI2	 0.844	
	 	 	

AI3	 0.882	
	 	 	

AI4	 0.821	
	 	 	

AI5	 0.825	
	 	 	

AI6	 0.860	
	 	 	

AI7	 0.891	
	 	 	

EP1	
	

0.901	
	 	

EP2	
	

0.842	
	 	

EP3	
	

0.839	
	 	

EP4	
	

0.882	
	 	

EP5	
	

0.796	
	 	

EP6	
	

0.873	
	 	

EP7	
	

0.905	
	 	

IWB	1	
	 	

0.852	
	

IWB	2	
	 	

0.874	
	

IWB3	
	 	

0.847	
	

IWB4	
	 	

0.851	
	

IWB5	
	 	

0.835	
	

IWB6	
	 	

0.864	
	

IWB7	
	 	

0.874	
	

IWB8	
	 	

0.815	
	

PC1	
	 	 	

0.853	
PC10	

	 	 	
0.807	

PC11	
	 	 	

0.822	
PC12	

	 	 	
0.860	

PC13	
	 	 	

0.820	
PC14	

	 	 	
0.787	

PC15	
	 	 	

0.852	
PC16	

	 	 	
0.795	

PC2	
	 	 	

0.863	
PC3	

	 	 	
0.787	

PC4	
	 	 	

0.864	
PC5	

	 	 	
0.799	

PC6	
	 	 	

0.835	
PC7	

	 	 	
0.822	
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Artificial		
Intelligence	

Employee		
Performance	

Innovative	Work		
Behaviour	

Psychological		
Contract	

PC8	
	 	 	

0.779	
PC9	

	 	 	
0.823	

	
Based	on	 the	 table	2,	all	 indicators	on	 the	 four	variables,	namely,	Artificial	 Intelligence	

(AI1–AI7),	 Employee	Performance	 (EP1–EP7),	 Innovative	Work	Behaviour	 (IWB1–IWB8),	 and	
Psychological	 Contracts	 (PC1–PC16)	 possess	 outer	 loading	 values	 exceeding	 0.70,	 with	 the	
minimum	value	recorded	at	0.779	(PC8)	and	the	peak	value	at	0.905	(EP7).	This	demonstrates	
that	 every	 indicator	 is	 deemed	 valid	 and	 suitable	 for	measuring	 its	 corresponding	 construct,	
indicating	that	no	measurement	items	require	removal	from	the	model	(Sarstedt	et	al.,	2022).	

	
Discriminating	Validity	Test	

The	 discriminant	 validity	 assessment	 serves	 to	 verify	 that	 each	 construct	 is	 entirely	
distinct	 from	 the	 others	 on	 an	 empirical	 basis.	 The	 test	 was	 carried	 out	 by	 looking	 at	 the	
Heterotrait-Monotrait	Ratio	(HTMT)	value,	where	a	construct	is	considered	to	possess	adequate	
discriminant	 validity	 when	 the	 HTMT	 value	 falls	 below	 0.90	 (Changalima	 &	 Chuwa,	 2026;	
Henseler	et	al.,	2015).	

	
Table	3	
Discriminating	Validity	Test		

Artificial	
Intelligence	

Employee	
Performance	

Innovative	 Work	
Behaviour	

Employee	Performance	 0.519	
	 	

Innovative	Work	Behaviour	 0.418	 0.755	
	

Psychological	Contract	 0.118	 0.640	 0.553	
	
The	 test	 results	 showed	 that	 all	 HTMT	 values	 between	 constructs	 were	 below	 the	

threshold	 of	 0.90,	 with	 the	 highest	 value	 of	 0.755	 (between	 Innovative	Work	 Behaviour	 and	
Employee	 Performance)	 and	 the	 lowest	 value	 of	 0.118	 (between	 Psychological	 Contract	 and	
Artificial	Intelligence).	Thus,	it	can	be	concluded	that	the	four	constructs	in	this	study,	Artificial	
Intelligence,	Employee	Performance,	Innovative	Work	Behavior,	and	Psychological	Contract	have	
good	 discriminant	 validity,	 meaning	 that	 each	 construct	 is	 wholly	 distinct	 and	 exhibits	 no	
conceptual	or	empirical	overlap	with	the	others.	

	
Reliability	Test	

The	 reliability	 assessment	 is	 conducted	 to	 evaluate	 the	 internal	 coherence	 of	 the	
measurement	 items	 comprising	 a	 construct.	 The	 criteria	 used	 were	 Cronbach's	 Alpha	 and	
Composite	 Reliability	 (rho_a	 and	 rho_c)	 values	 ≥	 0.70,	 and	Average	 Variance	 Extracted	 (AVE)	
values	≥	0.50	as	indicators	of	convergent	validity	at	the	construct	level	(Kumar,	2014;	Sarstedt	et	
al.,	2022;	Sekaran	&	Bougie,	2017).	

	
Table	4	
Reliability	Test		

Cronbach's	
alpha	

Composite	
reliability	
(rho_a)	

Composite	
reliability	
(rho_c)	

Average	
variance	
extracted	(AVE)	

Artificial	Intelligence	 0.939	 0.953	 0.950	 0.731	
Employee	Performance	 0.943	 0.946	 0.953	 0.745	
Innovative	Work	Behaviour	 0.946	 0.948	 0.955	 0.725	
Psychological	Contract	 0.968	 0.970	 0.971	 0.678	

	
The	test	results	showed	that	all	four	constructs	had	Cronbach's	Alpha	values	ranging	from	

0.939–0.968	and	Composite	Reliability	values	(both	rho_a	and	rho_c)	ranging	from	0.946–0.971.	
All	of	these	values	are	well	above	the	threshold	of	0.70,	even	in	the	very	high	category	(excellent),	
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which	 signifies	 that	 the	 measurement	 items	 within	 each	 construct	 demonstrate	 outstanding	
internal	coherence	and	dependability	(Frieman	et	al.,	2022;	Sekaran	&	Bougie,	2017).	

In	addition,	the	AVE	coefficients	across	all	four	constructs	spanned	from	0.678	to	0.745,	
all	of	which	were	above	the	0.50	threshold.	This	confirms	that	each	construct	is	able	to	explain	
more	than	50%	of	the	variance	of	its	indicators,	so	that	convergent	validity	at	the	construct	level	
has	 likewise	 been	 satisfied.	 Overall,	 the	 results	 in	 the	 outer	 part	 of	 this	model	 show	 that	 the	
measurement	 model	 in	 this	 investigation	 has	 fulfilled	 the	 standards	 of	 convergent	 validity,	
discriminant	 validity,	 and	 reliability,	 thereby	 warranting	 progression	 to	 the	 structural	 model	
evaluation	phase	(inner	model).	

	
Structural	Model	Analysis	(Inner	Model)	
R-Square	Test	(R2)	

The	R-Square	statistic	serves	to	quantify	the	extent	to	which	exogenous	constructs	can	
account	for	variability	in	endogenous	constructs.	According	to	Chin	(1998)	and	Yuan	et	al.	(2023),	
the	R²	value	of	0.67	is	categorized	as	strong	(substantial),	0.33	is	categorized	as	moderate,	and	
0.19	is	categorized	as	weak	(J.	F.	Hair	et	al.,	2021;	Sarstedt	et	al.,	2022).	

	
Table	5	
R-Square	Test		

R-square	 R-square	adjusted	
Employee	Performance	 0.682	 0.671	
Innovative	Work	Behaviour	 0.447	 0.435	

	
The	R-square	coefficient	for	the	Employee	Performance	construct	was	0.682	(R²	adjusted	

=	 0.671),	 indicating	 that	 Artificial	 Intelligence,	 Psychological	 Contract,	 and	 Innovative	 Work	
Behavior	collectively	explained	68.2%	of	the	variance	in	Employee	Performance.	This	value	falls	
into	the	strong	(substantial)	category	(J.	F.	Hair	et	al.,	2021;	Sarstedt	et	al.,	2022).	The	R-square	
value	 for	 Innovative	Work	Behavior	was	0.447	 (R²	adjusted	=	0.435),	 indicating	 that	Artificial	
Intelligence	and	Psychological	Contract	explained	44.7%	of	the	variance,	which	is	categorized	as	
moderate.	Furthermore,	the	VIF	scores	for	every	predictor	construct	remained	beneath	the	5.0	
cutoff,	confirming	that	multicollinearity	was	not	present	in	the	structural	framework.	The	effect	
size	(f²)	analysis	revealed	that	the	Psychological	Contract	had	a	medium	effect	on	Innovative	Work	
Behavior	(f²	=	0.362)	and	Employee	Performance	(f²	=	0.274),	while	Artificial	Intelligence	had	a	
modest-to-moderate	 influence	 on	 Innovative	 Work	 Behavior	 (f²	 =	 0.206)	 and	 Employee	
Performance	(f²	=	0.189).	The	predictive	relevance	test	using	the	blindfolding	procedure	yielded	
Q²	 values	 of	 0.478	 for	 Employee	 Performance	 and	 0.305	 for	 Innovative	Work	 Behavior,	 both	
exceeding	 the	 threshold	 of	 zero,	 confirming	 that	 the	 model	 possesses	 adequate	 predictive	
relevance	(J.	F.	Hair	et	al.,	2021;	Sarstedt	et	al.,	2022).	

	
Path	Coefficient	

The	path	 coefficient	 denotes	 the	directionality	 and	 strength	 of	 the	 effect	 among	 latent	
constructs	within	 the	 structural	 framework.	 The	 original	 sample	 value	 (O)	 indicates	 the	 path	
coefficient	derived	from	the	original	data	estimation,	whereas	the	sample	mean	(M)	and	standard	
deviation	(STDEV)	are	derived	 from	the	bootstrapping	process	 (Ketchen,	2013;	Sarstedt	et	al.,	
2022).	

	
Table	6	
Path	Coefficient		

Original	 sample	
(O)	

Sample	
mean	(M)	

Standard	
deviation	(STDEV)	

Artificial	 Intelligence	 >	 Employee	
Performance	

0.345	 0.346	 0.071	

Psychological	 Contract	 >	 Employee	
Performance	
		

0.416	 0.417	 0.069	
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Original	 sample	
(O)	

Sample	
mean	(M)	

Standard	
deviation	(STDEV)	

Artificial	Intelligence	>	Innovative	Work	
Behaviour	

0.397	 0.398	 0.070	

Psychological	 Contract	 >	 Innovative	
Work	Behaviour	

0.526	 0.529	 0.072	

Innovative	Work	Behaviour	>	Employee	
Performance	

0.352	 0.350	 0.078	

	
All	 path	 coefficients	 (original	 sample)	 show	 positive	 values,	 which	 means	 that	 all	

relationships	between	variables	are	positive/unidirectional.	The	largest	pathway	coefficient	was	
found	in	the	association	between	Psychological	Contract	and	Innovative	Work	Behaviour	(0.526),	
indicating	that	Psychological	Contract	served	as	the	most	powerful	predictor	of	Innovative	Work	
Behaviour	compared	to	other	pathways.	In	contrast,	the	smallest	path	coefficient	was	found	in	the	
relationship	 between	 Artificial	 Intelligence	 and	 Employee	 Performance	 (0.345),	 although	 this	
value	 still	 showed	 a	 significant	 positive	 influence.	 The	 sample	mean	 value	 that	 is	 close	 to	 the	
original	 sample	 value	 for	 all	 paths,	 with	 a	 relatively	 small	 standard	 deviation	 (0.069–0.078),	
indicates	that	the	estimated	path	coefficient	is	stable	and	consistent.	

	
Hypothesis	Test	

Hypothesis	evaluation	was	performed	by	examining	T-statistics	and	P-values	generated	
through	 the	 bootstrapping	 procedure.	 A	 hypothesis	 is	 deemed	 accepted	 (significantly	
corroborated)	when	T-values	exceed	1.96	and	P-values	fall	below	0.05	(significance	level	5%).	

	
Table	7	
Hypothesis	Test		

Original	
sample	
(O)	

Sample	
mean	
(M)	

Standard	
deviation	
(STDEV)	

T	statistics	
(|O/STDEV|)	

P	
values	

Verdict	

Artificial	Intelligence	>	
Employee	Performance	

0.345	 0.346	 0.071	 4.873	 0.000	 Accepted	

Psychological	Contract	>	
Employee	Performance	

0.416	 0.417	 0.069	 6.063	 0.000	 Accepted	

Artificial	Intelligence	>	
Innovative	Work	
Behaviour	

0.397	 0.398	 0.070	 5.671	 0.000	 Accepted	

Psychological	Contract	>	
Innovative	Work	
Behaviour	

0.526	 0.529	 0.072	 7.300	 0.000	 Accepted	

Innovative	Work	
Behaviour	>	Employee	
Performance	

0.352	 0.350	 0.078	 4.512	 0.000	 Accepted	

Artificial	Intelligence	>	
Innovative	Work	
Behaviour	>	Employee	
Performance	

0.140	 0.139	 0.040	 3.539	 0.000	 Accepted	

Psychological	Contract	>	
Innovative	Work	
Behaviour	>	Employee	
Performance	

0.185	 0.185	 0.049	 3.776	 0.000	 Accepted	

	
Discussion	
H1:	Artificial	Intelligence	is	significantly	associated	with	Employee	Performance	

The	results	indicated	a	path	coefficient	of	0.345,	accompanied	by	a	T-statistic	of	4.873	(>	
1.96)	and	a	P-value	of	0.000	(<	0.05),	thereby	supporting	H1.	This	finding	suggests	that	Artificial	
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Intelligence	(AI)	is	positively	and	statistically	significantly	associated	with	Employee	Performance	
(EP).	The	positive	association	indicates	that	greater	adoption	and	utilization	of	AI	to	support	work	
processes	are	associated	with	higher	employee	performance.	These	findings	are	consistent	with	
(Wijayati	et	al.,	2022),	who	reported	that	AI	deployment	was	positively	associated	with	workforce	
performance	 through	 heightened	 work	 engagement.	 The	 results	 also	 align	 with	 Wamba-
Taguimdje	 et	 al.	 (2020)	 and	 Domini	 et	 al.	 (2023),	 who	 demonstrated	 that	 AI-driven	 digital	
transformation	 creates	 organizational	 value	 by	 improving	 operational	 productivity.	Mikalef	 &	
Gupta	 (2021)	 and	 Almheiri	 et	 al.	 (2025)	 further	 suggested	 that	 AI	 capability	 functions	 as	 a	
strategic	organizational	 asset	 associated	with	enhanced	performance	 through	data-driven	and	
analytical	competencies.	In	the	context	of	four-star	hotels	in	Yogyakarta,	AI	adoption	may	support	
front-office	 operations,	 reservation	 systems,	 digital	 marketing,	 and	 customer	 relationship	
management,	thereby	contributing	to	improvements	in	individual	performance.	

	
H2:	Psychological	Contract	is	significantly	associated	with	Employee	Performance	

The	results	showed	a	path	coefficient	of	0.416,	accompanied	by	a	T-statistic	of	6.063	(>	
1.96)	 and	 a	 P-value	 of	 0.000	 (<	 0.05),	 thereby	 supporting	 H2.	 This	 finding	 indicates	 that	 the	
Psychological	Contract	(PC)	is	positively	and	significantly	associated	with	Employee	Performance.	
Greater	 fulfillment	 of	 implicit	 expectations	 and	 obligations	 between	 employees	 and	 the	
organization	 is	 associated	with	 higher	 levels	 of	 employee	performance.	Among	 the	 five	 direct	
relationships	tested,	this	pathway	demonstrated	the	second-largest	coefficient.	These	results	are	
consistent	with	 the	Psychological	Contract	 framework	advanced	by	Levinson	et	al.	 (1962)	and	
Dascombe	et	al.	(2026),	and	elaborated	by	Li	&	Dai	(2015)	and	Singh	&	Dhan	(2023),	which	posits	
that	the	mutual	relationship	between	organizations	and	their	employees	constitutes	a	basis	for	
constructive	work	behavior.	The	findings	align	with	Mahmoud	Sheikh	Elsouk	et	al.	(2021)	and	
Maula	et	al.	(2026),	who	demonstrated	that	PC	fulfillment	is	associated	with	improved	employee	
performance	through	an	enhanced	sense	of	responsibility	and	organizational	commitment.	Aluko	
et	al.	(2022)	similarly	found	a	favorable	association	between	psychological	contracts	and	work	
performance	within	service-oriented	institutions.	

	
H3:	Artificial	Intelligence	is	significantly	associated	with	Innovative	Work	Behavior	

The	results	indicated	a	path	coefficient	of	0.397,	accompanied	by	a	T-statistic	of	5.671	(>	
1.96)	and	a	P-value	of	0.000	(<	0.05),	thereby	supporting	H3.	This	finding	suggests	that	Artificial	
Intelligence	is	positively	and	significantly	associated	with	Innovative	Work	Behavior	(IWB).	More	
effective	 utilization	 of	 AI	 technology	 is	 associated	 with	 a	 greater	 tendency	 for	 employees	 to	
demonstrate	 innovative	 work	 behavior.	 This	 suggests	 that	 AI	 does	 not	 necessarily	 replace	
employee	creativity	but	rather	serves	as	a	supporting	tool	for	generating	new	ideas,	facilitating	
faster	access	to	information,	enabling	real-time	customer	data	analysis,	and	automating	routine	
tasks,	thereby	providing	employees	with	greater	capacity	for	innovation.	These	results	align	with	
Mikalef	&	Gupta	(2021)and	Almheiri	et	al.	(2025),	who	established	that	AI	capability	promotes	
organizational	creativity.	Lichtenthaler	(2019)	and	Chen	et	al.	(2022)	also	demonstrated	that	AI	
expands	organizational	capacity	for	innovation	through	intelligent	decision-making.	In	the	hotel	
context,	 AI	 can	 facilitate	 service	 personalization,	 guest	 behavior	 analysis,	 and	 operational	
optimization,	thereby	fostering	innovative	employee	behavior	(Anantrasirichai	&	Bull,	2022).	

	
H4:	Psychological	Contract	is	significantly	associated	with	Innovative	Work	Behavior	

The	results	showed	a	path	coefficient	of	0.526,	accompanied	by	a	T-statistic	of	7.300	(>	
1.96)	 and	 a	 P-value	 of	 0.000	 (<	 0.05),	 thereby	 supporting	 H4.	 This	 finding	 indicates	 that	 the	
Psychological	Contract	is	positively	and	significantly	associated	with	Innovative	Work	Behavior.	
Among	all	direct	relationships	in	the	model,	this	pathway	exhibited	the	largest	path	coefficient	
and	 the	highest	T-statistic,	 suggesting	 that	PC	 is	 a	particularly	 strong	predictor	of	 IWB.	When	
employees	 perceive	 that	 the	 organization	 fulfills	 its	 psychological	 obligations,	 they	 may	 be	
motivated	 to	 extend	 their	 contributions	 beyond	 prescribed	 job	 duties	 through	 innovative	
behavior.	These	results	are	consistent	with	Sulistiawan	and	Andyani	(2020)	and	Wang	(2025),	
who	demonstrated	that	psychological	contracts	foster	 innovative	work	behavior	through	work	
engagement	and	the	intention	to	share	knowledge.	The	study	further	suggested	that	innovation	
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requires	a	sense	of	psychological	safety,	enabling	employees	to	propose	new	ideas	without	fear	of	
negative	consequences.	In	the	hotel	industry,	service	innovation	is	significantly	influenced	by	the	
quality	of	working	relationships	between	management	and	employees.	

	
H5:	Innovative	Work	Behavior	is	significantly	associated	with	Employee	Performance	

The	results	indicated	a	path	coefficient	of	0.352,	accompanied	by	a	T-statistic	of	4.512	(>	
1.96)	and	a	P-value	of	0.000	(<	0.05),	thereby	supporting	H5.	This	finding	suggests	that	Innovative	
Work	 Behavior	 exhibits	 a	 positive	 and	 statistically	 significant	 relationship	 with	 Employee	
Performance.	 Employees	 who	 demonstrate	 higher	 levels	 of	 innovative	 behavior	 including	
generating	 new	 ideas,	 exploring	 opportunities,	 and	 implementing	 creative	 solutions	 tend	 to	
exhibit	higher	performance	outcomes.	These	findings	align	with	the	innovation-performance	link	
established	 by	 Thurlings	 et	 al.	 (2015)	 and	 Aryani	 et	 al.	 (2024),	 who	 argued	 that	 workforce	
innovation	 constitutes	 a	 decisive	 element	 in	 organizational	 sustainability	 and	 competitive	
positioning.	 Within	 the	 hospitality	 sector,	 employees	 who	 engage	 in	 innovative	 behavior	
contribute	to	enhanced	service	quality,	operational	productivity,	and	guest	satisfaction,	ultimately	
improving	individual	and	organizational	performance	(Bagis	&	Yulianeu,	2024;	Guan	&	Frenkel,	
2017).	

	
H6:	Innovative	Work	Behavior	mediates	the	relationship	between	Artificial	Intelligence	and	
Employee	Performance	

The	indirect	effect	evaluation	produced	a	coefficient	of	0.140,	with	a	T-statistic	of	3.539	(>	
1.96)	 and	 a	P-value	of	 0.000	 (<	0.05),	 thereby	 supporting	H6.	This	 finding	 indicates	 that	 IWB	
significantly	 mediates	 the	 relationship	 between	 AI	 and	 EP.	 Given	 that	 AI	 also	 demonstrated	
significant	direct	relationships	with	EP	(H1)	and	IWB	(H3),	the	mediation	is	classified	as	partial	
mediation,	following	the	benchmarks	outlined	by	Hair	Jr.	et	al.	(2021)	and	J.	Hair	&	Sabol	(2025).	
Specifically,	the	total	effect	of	AI	on	EP	comprises	both	a	direct	effect	(β	=	0.345)	and	an	indirect	
effect	through	IWB	(β	=	0.140),	resulting	in	a	combined	effect	of	0.485.	This	suggests	that	AI	is	
associated	with	workforce	performance	both	directly	and	indirectly	by	strengthening	innovative	
work	behavior.	These	results	correspond	with	Thurlings	et	al.	(2015)	and	Aryani	et	al.	(2024),	
who	recognized	IWB	as	a	pivotal	element	in	organizational	achievement,	and	with	Guan	&	Frenkel	
(2017)	and	Bagis	&	Yulianeu	(2024),	who	argued	that	innovative	behavior	improves	individual	
performance	through	enhanced	work	quality	and	adaptability.	

	
H7:	Innovative	Work	Behavior	mediates	the	relationship	between	Psychological	Contract	and	
Employee	Performance	

The	indirect	effect	evaluation	produced	a	coefficient	of	0.185,	with	a	T-statistic	of	3.776	(>	
1.96)	 and	 a	P-value	of	 0.000	 (<	0.05),	 thereby	 supporting	H7.	This	 finding	 indicates	 that	 IWB	
significantly	mediates	the	relationship	between	PC	and	EP.	Since	PC	also	demonstrated	significant	
direct	relationships	with	EP	(H2)	and	IWB	(H4),	the	mediation	is	classified	as	partial	mediation.	
The	total	effect	of	PC	on	EP	comprises	both	a	direct	effect	(β	=	0.416)	and	an	indirect	effect	through	
IWB	 (β	 =	 0.185),	 producing	 a	 cumulative	 effect	 of	 0.601.	 Notably,	 this	 mediation	 pathway	
exhibited	larger	coefficients	and	T-statistics	than	the	AI–IWB–EP	pathway	(H6),	suggesting	that	
the	intermediary	role	of	IWB	is	comparatively	more	pronounced	in	the	PC–EP	relationship.	These	
results	 align	 with	 Sulistiawan	 &	 Andyani	 (2020)	 and	 Wang	 (2025),	 who	 demonstrated	 that	
psychological	 contracts	 enhance	 innovative	 work	 behavior	 through	 work	 engagement.	 Thus,	
organizations	 should	 not	 only	 fulfill	 formal	 contractual	 obligations	 but	 also	 meet	 employees’	
psychological	expectations	to	foster	innovation.	A	psychologically	supportive	work	environment	
in	the	hotel	industry	encourages	employees	to	develop	new	service	ideas,	improve	service	quality,	
and	ultimately	enhance	performance.	
	

CONCLUSION	
This	 study	 examined	 the	 relationships	 among	Artificial	 Intelligence	 (AI),	 Psychological	

Contract	(PC),	Innovative	Work	Behavior	(IWB),	and	Employee	Performance	(EP),	including	the	
mediating	role	of	IWB	among	employees	of	four-star	hotels	in	Yogyakarta.	The	findings	supported	
all	seven	hypotheses.	AI	and	PC	exhibited	positive	and	statistically	significant	associations	with	
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EP	and	IWB,	whereas	IWB	demonstrated	a	positive	and	statistically	significant	association	with	
EP.	PC	showed	the	strongest	association	with	IWB	(β	=	0.526),	and	the	model	accounted	for	68.2%	
of	the	variance	in	EP	and	44.7%	of	the	variance	in	IWB.	Furthermore,	IWB	partially	mediated	both	
the	AI–EP	(β	=	0.140)	and	PC–EP	(β	=	0.185)	relationships,	indicating	that	AI	utilization	and	PC	
fulfillment	are	associated	with	EP	both	directly	and	indirectly	through	IWB.	

These	 findings	 contribute	 to	 hospitality	 management	 research	 by	 integrating	
technological	 and	 psychological	 perspectives	 through	 IWB	 within	 a	 single	 empirical	 model.	
Practically,	 the	 results	 indicate	 the	 importance	 of	 aligning	AI	 utilization	with	human	 resource	
practices	that	support	employees’	psychological	expectations	and	innovative	behavior.	Given	the	
study’s	cross-sectional	design	and	its	focus	on	employees	of	four-star	hotels	in	Yogyakarta,	the	
findings	should	be	interpreted	as	associations	rather	than	causal	relationships.	Future	research	
should	examine	the	model	across	different	hotel	categories	and	regions,	employ	longitudinal	or	
mixed-methods	 designs,	 and	 investigate	 additional	 factors	 such	 as	 Digital	 Leadership,	
Organizational	 Learning,	 and	Human–AI	 Collaboration	 to	 extend	 the	 explanatory	 scope	 of	 the	
model.	
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